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Introduction

Results

Aim and methods Experiments

Normalized confusion matrix

\We aimed to use artificial intelligence

techniques for the discovery of representative
genomic sequences in SARS-CoV-2 Delta
variant.

The Figure 2. shows the trained CNN model works well.
And the model with high accuracy of classification could
efficiently identify the differences between variants and
therefore extract features efficiently, contributing to a
higher quality forward primer.

Since the COVID-19
pandemic started In
December 2019, over 220
million cases of SARS-
CoV-2 have been reported
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— Reverse: 5- TGTAGCACGATTGCAGCATTG -3
3’- CAATGCTGCAATCGTGCTACA -5
Position: 28687<-28707 Tm = 57.0°C

Reserve Primer CAATGCTGCAATCGTGCTACA
Amplicon Sequence gaaggccttaaattccctcga- —— — -caatgctgcaatcgtgctaca
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Figure 4. The result of the In-Silico
PCR in the Fast PCR Software
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— The size of the amplified sequence: 296 bps
Position: 28412-28707 Ta = 60.0°C
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